
In the rapidly evolving market of AI-assisted coding tools, a commonly cited metric is the suggestion acceptance
rate—often hovering around the 30% mark for leading products like GitHub Copilot. But what does this "30%
accepted" rate really mean for product teams, users, and business outcomes? How should this inform your
expectations about augmentation ROI and the broader product strategy?

In this post, I’ll unpack the nuances behind this number, drawing on frameworks and calculators used by PM
Toolkit, lessons from companies like PayPal and H2O.ai, and practical advice on defining evaluation criteria before
launching AI features. Spoiler alert: the model is not the product, and understanding this distinction is key to
unlocking true user value.

Why 30% Suggestion Acceptance is Just the Starting Point
When you hear "our AI coding assistant has a 30% acceptance rate," it sounds impressive—after all, one in three
suggestions being embraced feels like a major win. But this headline oversimplifies the story. Here's why:

Task-Dependent Behavior: The model’s performance varies hugely depending on the coding task, language,
and user context.

Failure Modes: Not all suggestions are equally valuable; some might be trivial, others misleading, or even
harmful if blindly accepted.

User Workflows: AI suggestions are just one step in a developer’s workflow. The real value comes from
seamless augmentation, not raw acceptance numbers.

To make sense of these nuances, product teams use PM Toolkit’s set of calculators—including TAM/SAM/SOM
analysis, ROI and business case models, and user engagement metrics—to evaluate the true impact of an AI
feature.

The Model Is Not the Product: Centering on User Workflow
One of my core lessons from AI product leadership is: the model is a component, not the outcome. Promoting
model accuracy or acceptance rates without grounding them in user workflows leads to misguided priorities.

Consider the experience at PayPal, where fraud detection AI didn’t just rely on model confidence scores but
integrated tightly with human review processes, risk dashboards, and escalation workflows. The AI's “acceptance
rate” had less meaning than the reduction in fraud cases and operational efficiency enabled.

Similarly, coding tools need to measure how suggestions affect developer velocity, error reduction, or cognitive
load—not just raw suggestion acceptance. For instance, does a 30% accepted suggestion translate to 10% faster
feature delivery or fewer bugs? These are the questions PMs must answer, not just celebrate model improvements.



Defining Evaluation Metrics Before Release

Launching AI-assisted features without well-defined evaluation criteria invites surprises. Before shipping, product
teams should define the goals and metrics that matter. PM Toolkit’s calculators provide a structured way to frame
this:

Business Case Calculator: Estimate revenue impact from productivity gains or new user acquisition.

ROI Model: Quantify cost savings against development and model hosting costs.

A/B Testing Framework: Design experiments to validate feature impact on retention, NPS, or coding
velocity.

Sample Size Calculator: Plan statistically significant evals to avoid “accuracy wars” with no practical meaning.

Spreadsheets remain a surprisingly powerful tool here—lightweight, transparent, and customizable for capturing
user-centric evals.

Task-Dependent Model Behavior and Failure Modes
AI coding assistants don’t operate uniformly. A single model might excel at suggesting boilerplate code snippets
but struggle with complex algorithmic implementations or novel design patterns. Awareness of these task-
dependent behaviors informs product prioritization and messaging.

Moreover, failure modes matter:

Hallucinations: Suggesting incorrect code that looks plausible.

Outdated Knowledge: Using deprecated APIs or ignoring recent language changes.

Context Misalignment: Recommending suggestions that don’t fit the user’s current codebase or style.

H2O.ai, pioneers in enterprise AI platforms, address this by embedding continuous monitoring and feedback loops
that flag these failure modes early. This practice ensures quality doesn’t degrade over time and supports controlled
deployment with kill switches—a critical safeguard I always grounding with retrieval advocate.

https://pmtoolkit.ai/learn/ai-modern-pm/ai-literacy-for-pms


Automation vs Augmentation vs Innovation: Where Does 30%
Acceptance Fit?
AI coding tools fall along a spectrum:

1. Automation: Fully replacing routine coding tasks (e.g., generating CRUD endpoints automatically).

2. Augmentation: Assisting developers by suggesting snippets, fixes, or refactorings that they review and accept
or reject.

3. Innovation: New modalities or workflows powered by AI, such as natural language to code or inline
documentation generation.

A 30% suggestion acceptance rate is emblematic of augmentation. It reflects a collaboration where AI proposes,
but human judgement decides. This hybrid interaction promises sustainable ROI by boosting developer efficiency
without sacrificing control.

From a PM perspective, measuring augmentation ROI requires tracking metrics beyond acceptance:

Conversion Rate: How often users engage with suggestions versus ignoring them?

Velocity and Cycle Time: Do features ship faster with AI assistance?

User Sentiment: Net Promoter Score (NPS) captures user delight or frustration with AI features.

PM Toolkit’s velocity and cycle time calculators, combined with NPS and PMF scoring tools, enable a holistic view
of AI’s real-world impact.

Putting It All Together: A Pragmatic Framework for AI Coding Tools
Focus Area Key Questions PM Toolkit Tools / Practices Defining Success What workflows improve? What user
problems solve? Business Case, ROI, TAM/SAM/SOM calculators Evaluation Planning How to measure impact
before release? What metrics matter? A/B Testing, Sample Size, Cycle Time, Velocity calculators, User surveys
Monitoring & Risk Management What are failure modes? How to intervene if needed? Continuous monitoring
dashboards, kill switch controls, incremental deployments User Experience Is AI seamlessly augmenting user work?
How do users perceive suggestions? NPS, PMF Score, qualitative feedback collection



Example

Imagine a startup building an AI coding assistant. Initial internal testing shows a 30% suggestion acceptance rate
on typical code tasks. Instead of celebrating this as a product win, they:

1. Run PM Toolkit’s ROI calculator combining assumed productivity gains with pricing and retention data.

2. Define A/B experiments measuring whether accepted suggestions reduce average cycle time.

3. Create a kill switch dashboard to instantly disable the model if hallucination rates spike.

4. Collect qualitative feedback to understand why 70% of suggestions are rejected—are they irrelevant, too
verbose, or poorly timed?

This rigorous eval approach leads to iterative refinements, better user trust, and ultimately, a validated
augmentation ROI beyond just the headline acceptance rate.

Closing Thoughts
In sum, the 30% suggestion acceptance rate is a useful but incomplete signal when assessing AI coding tools.
It’s a starting point that must be contextualized within the user workflow, failure modes, and broader business
impact.

Leveraging frameworks like those in PM Toolkit, adopting disciplined evaluation methodologies, and focusing on
augmentation over blind automation can unlock the true promise of AI-assisted coding.

Whether you’re PMs at a startup or product leads in an enterprise like PayPal or H2O.ai, approaching AI coding
tools with this mindset will help you ship responsibly and build products users love.

— Your AI Product Lead with a checklist and spreadsheet always ready


